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Empirical study of differential evolution
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Abstract: The paraneters selection of differential evolution (DE) is studied by experiments on some benchmark
exanples Then a smplified DE version (DE) is realizedw ith random ized scaling factor F based on the analysis for

the featuresof DE, which not only reduces aparaneter that need to is adjusted, but al isflexible for the selection
of paraneter CR. The experiments by comparing w ith genetic algorithm (GA ) on some constrained numerical

optimization problem s show that DE can get better results in much less evaluation tines
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